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Abstract  
The transition from a linear “take–make–dispose” economy to a circular one has become an essential strategy for sustainable 
development. Circular Economy (CE) principles aim to minimize waste, maximize resource efficiency, and extend product life 
cycles through redesign, reuse, remanufacture, and recycling. However, implementing CE at scale demands tools that 
anticipate systemic consequences, optimize resource flows, and align with long-term sustainability goals. This review explores 
how environmental foresight—supported by artificial intelligence (AI), life cycle assessment (LCA), and digital technologies—
can accelerate circular transitions across industrial, urban, and agricultural systems. We analyze emerging methodologies 
such as digital twins for material tracking, AI-enabled waste valorization, and predictive modeling for circular policy design. 
The review highlights challenges in data standardization, cross-sector collaboration, and governance, emphasizing the need 
for adaptive, anticipatory, and inclusive foresight approaches. Finally, we outline future directions where AI, LCA, and circular 
economy principles converge to create regenerative production–consumption systems capable of achieving net-zero and 
resource-positive futures. 
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1. Introduction 
Global economic development has long followed a linear model—resources are extracted, transformed into products, 
consumed, and eventually discarded as waste. This “take–make–dispose” pattern has driven unprecedented material 
throughput and environmental degradation. The Circular Economy (CE), in contrast, proposes a systemic shift where value is 
preserved, waste is minimized, and materials circulate within regenerative loops. 
The CE vision aligns closely with the Sustainable Development Goals (SDGs), particularly SDG 12 (responsible consumption 
and production), SDG 13 (climate action), and SDG 9 (industry, innovation, and infrastructure). Despite growing global interest, 
the transition from linearity to circularity remains challenging due to structural, technological, and behavioral barriers. 
One emerging solution is the integration of environmental foresight—the use of data-driven anticipation, scenario planning, 
and predictive modeling to guide decisions under uncertainty. When combined with artificial intelligence (AI), life cycle 
assessment (LCA), and digital technologies, foresight offers a way to simulate complex material flows, predict waste 
generation, and assess intervention impacts before implementation. 
This review explores how foresight tools can drive CE transformation by linking technological innovation with policy planning 
and systemic sustainability analysis. We examine: 

1. Conceptual foundations of CE and foresight, 
2. The role of AI and data analytics in circular transition, 
3. Life Cycle Assessment as a foresight instrument, 
4. Case studies in industrial, urban, and agricultural systems, and 
5. Key challenges and future directions for integrating foresight with circular innovation. 

 
2. Conceptual Foundations of Circular Economy and Foresight 
2.1 Defining the Circular Economy 
The CE aims to design out waste and pollution, keep products and materials in use, and regenerate natural systems (Ellen 
MacArthur Foundation, 2020). Its key strategies include: 

• Reduce: Minimize material and energy input. 
• Reuse/Repair: Extend product lifespans. 
• Recycle/Recover: Close resource loops. 
• Remanufacture: Return used components to original performance. 
• Redesign: Embed circularity into product conception. 

Unlike traditional waste management, CE represents a systemic redesign of production and consumption. 
2.2 Environmental Foresight 
Foresight involves systematic exploration of future possibilities to inform present decisions. In environmental contexts, it 
includes scenario analysis, trend extrapolation, horizon scanning, and systems modeling. Foresight complements CE by 
providing anticipatory insights into long-term sustainability pathways, trade-offs, and system feedbacks. 
The integration of foresight and CE creates a proactive governance framework—enabling policymakers and industries to 
transition from reactive waste management to preventive, regenerative strategies. 
 
 
3. Artificial Intelligence as a Driver of Circular Foresight 
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AI has emerged as a transformative force in CE implementation, offering predictive capabilities across supply chains, materials 
management, and product design. 
3.1 Predictive Analytics for Waste and Resource Flow 
Machine learning models can predict material demand, waste generation, and recycling potential based on production data. 
Predictive foresight allows waste management systems to dynamically allocate resources and improve recovery efficiency. 
For example, AI-based waste recognition systems in smart recycling plants use computer vision to sort materials with 
precision, significantly increasing recovery rates. Similarly, predictive maintenance algorithms extend equipment life, aligning 
with CE principles. 
3.2 Digital Twins and Circular Systems 
Digital twins—virtual representations of physical assets—enable real-time monitoring of material performance, energy 
consumption, and life-cycle impacts. In circular manufacturing, digital twins simulate “what-if” scenarios to assess how product 
redesign or material substitution affects environmental outcomes. 
3.3 AI in Circular Product Design 
Generative AI tools support eco-design, optimizing materials and geometries for longevity and recyclability. Coupled with 
additive manufacturing, they enable localized, low-waste production networks. 
3.4 AI for Circular Policy Foresight 
AI-enhanced foresight models help evaluate long-term implications of policies like carbon taxes, extended producer 
responsibility (EPR), or deposit-return systems. By simulating feedback loops within industrial ecosystems, such models assist 
in designing adaptive policy frameworks. 
 
4. Life Cycle Assessment (LCA) as a Foresight Instrument 
LCA provides a scientific method to evaluate environmental impacts throughout a product’s life cycle—from resource 
extraction to disposal. When integrated with foresight, LCA moves beyond retrospective analysis to anticipatory scenario 
modeling. 
4.1 Dynamic LCA and Future Scenarios 
Traditional LCAs assume static conditions. Dynamic LCA (DLCA) incorporates temporal and technological changes, enabling 
forward-looking assessments. For example, forecasting future electricity grid decarbonization can significantly alter the 
predicted impact of electric vehicles or recycled materials. 
4.2 AI-Enhanced LCA 
AI can automate inventory data collection, identify key impact drivers, and reduce uncertainty in complex supply chains. ML 
models trained on large environmental databases predict missing parameters and simulate circular interventions at scale. 
4.3 Linking LCA with Circular Decision-Making 
By integrating LCA outputs into decision dashboards, industries can visualize environmental trade-offs and identify “hotspots” 
for circular innovation—such as substituting materials or optimizing logistics. 
 
5. Case Studies: Foresight in Action 
5.1 Industrial Symbiosis and Smart Manufacturing 
In Kalundborg, Denmark—the world’s first industrial symbiosis park—companies exchange waste heat, water, and by-
products. AI and IoT now augment these exchanges by forecasting supply-demand imbalances in real time. Predictive 
foresight ensures resilience and efficiency within industrial clusters. 
5.2 Urban Circularity and Smart Waste Systems 
Cities like Amsterdam and Singapore deploy data-driven circular strategies, including digital platforms for material passports 
and waste-tracking. Environmental foresight tools simulate urban metabolism, helping planners optimize infrastructure for 
recycling, mobility, and energy recovery. 
5.3 Agriculture and Bio-Based Circular Economy 
In agriculture, AI models predict biomass yields, while LCA evaluates biofertilizer and bioplastic impacts. Integrating foresight 
into agri-circular systems enables the valorization of organic waste into renewable energy, closing nutrient loops. 
 
6. Challenges in Integrating Circular Economy and Foresight 
Despite growing interest, several challenges persist: 

1. Data Fragmentation: Material flow and environmental data are dispersed across sectors, limiting model integration. 
2. Standardization and Interoperability: Lack of harmonized data formats hinders comparative LCA and foresight 

analyses. 
3. Governance and Ethics: AI-driven foresight must ensure transparency, accountability, and social equity. 
4. Economic and Behavioral Barriers: Circular adoption often faces path dependence and consumer inertia. 
5. Scalability: Translating pilot projects into systemic transformation requires enabling policy frameworks and financial 

incentives. 
Overcoming these barriers necessitates interdisciplinary collaboration—linking data scientists, environmental engineers, 
economists, and policymakers. 
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7. Future Directions 
7.1 Circular Foresight Platforms 
Integrated foresight platforms combining AI, LCA, and systems dynamics can simulate national-scale circular transitions, 
guiding investment and policy priorities. 
7.2 Blockchain for Transparency 
Blockchain enhances traceability of materials and ensures credibility of recycled content and carbon accounting—critical for 
foresight-based monitoring. 
7.3 Socio-Technical Foresight 
Beyond technology, circular foresight must include behavioral, cultural, and governance dimensions. Participatory scenario 
planning involving communities and businesses fosters co-created visions of sustainability. 
7.4 Digital Product Passports 
These passports provide life-cycle data for every product, enabling predictive repair, remanufacture, and recycling—an 
essential foresight tool for circular supply chains. 
7.5 Education and Capacity Building 
Embedding foresight and CE principles into curricula will nurture the next generation of sustainability leaders equipped with 
interdisciplinary tools. 
 
8. Conclusion 
The convergence of the Circular Economy and Environmental Foresight represents a paradigm shift from reactive 
environmental management to anticipatory sustainability. Artificial intelligence, life cycle assessment, and digital technologies 
provide the analytical backbone for this transformation—enabling societies to simulate, predict, and guide systemic change 
before irreversible impacts occur. 
However, realizing this vision requires inclusive governance, transparent data ecosystems, and cross-sectoral collaboration. 
A circular, foresight-driven economy is not merely a technological evolution—it is a cultural and ethical commitment to 
regeneration, equity, and resilience. By integrating predictive analytics with long-term visioning, humanity can chart a 
sustainable trajectory that harmonizes economic progress with planetary boundaries. 
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